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Problem statement
Two novel approaches should tackle the implicit limitations of manual peer group valuation

Overview of Comparative Company Analysis Automatic peer groups forming with Clustering and ChatGPT approaches
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Data used for modeling

The data from 4,000 companies were used to build algorithms

Data collected from various sources

Available and input variables
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Clustering model

K-means clustering was used for forming the peer groups

K-means clustering: definition and model
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Clustering the data set based on an industry

Clustering the industry clusters based on assigned weights of variables

Formed clusters within an exact quarter
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Final clustering with optimized weights

N A N Y

K-means clustering in two dimensions

( N\ = N\ [ ° )
[ ] [ ]
. ‘. o %, ° '. o %,
.,.fw‘g:-.-... -,:03;3’:\':,-. L
¢ * o o
° ° " s} o °
> > L4 =
W w e ‘.» u . ° ...:.
Bee h,,'.
1 L
: () g ° °
e o v
k EBITDA J U EBITDA J \_ EBITDA )

© WUTIS - Algorithmic Trading



Optimization

Optimization by returns was performed with 60 weights combinations

Mechanic of optimization Reasons for optimization
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ChatGPT approach to peer group forming
ChatGPT 3.5 was used for forming the peer groups

What is ChatGPT and how to use it?

Comparison of ChatGPT 4 versus ChatGPT 3.5 Turbo
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e Al-based chatbot

% e Generative Pre-trained Transformer

OpenAl e Artificial neural network

e Transformer — deep-learning model — | jga=:
weighs input based on its significance |

e Later models include more trainable
parameters and training

The procedure of finding a peer group with ChatGPT 3.5 Turbo
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The format of the anonymous peer group request to Chat GPT
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0 Using the predefined test set (~1000 companies with data for 20 FQs each)
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-
e Finding all companies in the test set that belong to the same primary industry
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Sending GPT an anonymous peer group request #

Ensuring the output corresponds to the set format and conditions

©
g
(
4/
N\

)

-

g

Company X operates in the industry and geographically in region.

In financial quarter, company X has the following financial data:

a beta of [ ], total assets of | |, total revenue of [ |, an EBITDA margin of | |,
a debt-to-assets of [ |, a cash-to-assets of [ |, and an EV of | |.

The firm also has the following ratios: an EV/Sales of | |, an EV/EBITDA of | |,
and a P/E of [ .

Given these values, pick between 8 and 12 companies from the following:

all test companies with the same primary industry, to use as a peer group for
Company X in the financial quarter given.

>)
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Strategy & Conclusion

The strategy based on different models led to different results

Strategy overview Clustering & ChatGPT
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Clustering model & ChatGPT model

The clustering model generates cumulative compound return higher compared to return of ChatGPT model
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Comparison to benchmark

The clustering model generates cumulative compound return higher compared to return of S&P 500
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